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NATURAL LANGUAGE PROCESSING
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RNN(RECURRENT NEURAL NETWORK)
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RNN(RECURRENT NEURAL NETWORK)
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RNN(RECURRENT NEURAL NETWORK)
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GAN(GENERATIVE ADVERSARIAL NETWORKS)
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CONTAINERIZED APPLICATION

DEEP LEARNING FRAMEWORKS
DEEP LEARNING LIBRARIES
CUDA TOOLKIT

NTAINER 0S

CONTAINERIZATION TOOL

NVIDIA CONTAINER RUNTIME FOR DOCKER

HEALTHCARE SMART CITIES TELECOM AUTONOMOUS DRIVING ROBOTICS HPC
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https://www.nvidia.com/en-us/gpu-cloud/containers/

DLI Deep Learning Fundamentals Course - https://www.docker.com/

tainers / Containers: nvidia:dli-dl-fundamentals

Publisher Built By Latest Tag Modified
NVIDIA NVIDIA v0.0.1 October 27, 2020

Multinode Support Multi-Arch Support E |
No ” ® " ENGC 9|-EI-§:L %I-TI:

sescrition https://ngc.nvidia.com/catalog/co
Base environment used in the NVIDIA Deep Learning Institute (DLI) Course Fundamentals of Deep Learning, along with Next Steps project. ntal n e I'S/nVI d |a d | |' d |'

fundamentals

Eiﬁﬂo“# Pull & Run

localhost:8888

Labels

docker pull nver.io/nvidia/dli-dl-fundamentals:v0.0.1
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https://www.docker.com/
https://ngc.nvidia.com/catalog/containers/nvidia:dli-rapids-fundamentals
http://localhost:8888/
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